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Judging Judicial Discretion: Legal Factors and Racial
Discrimination in Sentencing

Shawn D. Bushway Anne Morrison Piehl

Variation in sentencing outcomes represents the actions of a number of mem­
bers of the criminal justice system. To isolate the part of the variation that is
due to the discretion of the judge (or other sentencing agent, such as a prose­
cutor), one can model the sentencing guidelines themselves. Such a model
captures any non-linearity in the sentencing grid. In practice, modeling the
guidelines rather than legal factor scores (as is common in the literature)
means that more of the variation that race and legal factors share in common
will be attributed to the racial status of the offender. Using data from Maryland,
we find that African Americans have 20% longer sentences than whites, on
average, holding constant age, gender, and recommended sentence length
from the guidelines. We find more judicial discretion and greater racial dispar­
ity than is generally found in the literature. Moreover, when we begin to try to
explain this discretion, we find that judges tended to give longer sentences
(relative to those recommended by the guidelines) to people in the part of the
guidelines grid with longer recommended sentences (who are disproportion­
ately African American) than they gave to people in the part of the grid with
lower recommended sentences.

I. Introduction

T here is a large literature on racial discrimination in sen­
tencing outcomes that begins with the disproportionate repre­
sentation of African Americans and other minorities in prison. 1
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1 At year-end 1999, there were 3,408 sentenced black male inmates per 100,000
black males in the United States; 1,335 sentenced Hispanic male inmates per 100,000
Hispanic males; and 417 white male inmates per 100,000 white males (Bureau ofJustice
Statistics 2000). Therefore, the rate of incarceration of black males is 8.17 times the incar­
ceration rate of white males and the incarceration rate of Hispanic males is 3.20 times the
rate of white males.
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734 Judging Judicial Discretion

But black offenders tend to have other characteristics, such as
longer criminal histories, that are considered by most observers
of the sentencing process to be legitimate reasons for harsher
outcomes. Researchers have dealt with this correlation between
race and legally relevant factors by dividing racial disparity into
two parts: warranted and unwarranted disparity. Warranted dis­
parity is the variation in sentence outcomes due to legally rele­
vant factors, such as criminal history, crime type, and crime sever­
ity. Unwarranted disparity (Stolzenberg & D'Alessio 1994) is the
variation in sentencing outcomes that can be reasonably identi­
fied as being the sole result of race or other extra-legal factors
(e.g., gender), after all legally mandated sentencing factors are
taken into account." Partialing out warranted and unwarranted
disparity is generally done using standard regression techniques.

In general, the body of research on unwarranted disparity in
sentencing outcomes has shown that legal factors have large ef­
fects on sentencing outcomes. Furthermore, there is little evi­
dence of direct racial discrimination once these legal factors are
included in the statistical models. This evidence led Sampson
and Lauritsen (1997:362) to conclude that "there is little evi­
dence that racial disparities reflect systematic, overt bias on the
part of criminal justice decision makers (as a whole)." In re­
sponse, some researchers have argued for an interactive, rather
than additive, model to examine whether racial discrimination
occurs indirectly through certain court contexts (e.g., plea vs.
jury trial) or individual characteristics (e.g., employed vs. unem­
ployed). This can be done by including interaction terms in mul­
tivariate models (Miethe & Moore 1986), testing for differences
among age and gender subgroups of each race group (Steffen­
smeier et al. 1998), or estimating separate models for each racial
group (Albonetti 1997).3

This type of research has emphasized greater statistical rigor
and model specification over the development of a theoretical
framework for understanding the sentencing process (Albonetti
1991). But the statistical parsing of unwarranted and warranted
disparity may conflict with the desire to understand the key fac­
tors driving the sentencing process. For example, Dixon (1995)
tested her organizational context perspective on sentencing us­
ing the same basic "racial disparity" statistical model (described
previously) as Albonetti (1991) used to test her bounded ration­
ality model ofjudicial decisionmaking." Yet, Dixon explicitly con-

2 Spohn (2000) refers to direct discrimination rather than unwarranted disparity.
The definitions are similar. Spohn (2000) defines direct discrimination as the situation in
which race and/or ethnicity significantly affect sentence severity after all legally relevant
case and offender characteristics are taken into consideration.

3 For the origins of this work, see Miethe and Moore (1986), Myers and Talarico
(1987). For a review of the work using interactive models, see Spohn (2000).

4 We are not arguing that the two researchers use the same exact model. Dixon
(1995) used data from Minnesota, which is a guideline state, while Albonetti (1991) used
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sidered the behavior of the system, including prosecutors and
judges, while Albonetti focused on judicial discretion. Clearly,
the same model cannot simultaneously isolate system-wide behav­
ior and judicial behavior.

This conflict illustrates a foundational point of research on
the sentencing process: The sentence outcome is the result of
the decision of multiple actors interacting in a system. Therefore,
the researcher seeking to understand the role of a given factor
on the sentencing process must first accurately model the behav­
ior of individual actors (Klepper et al. 1983). The warranted ver­
sus the unwarranted disparity model does not attempt to do that
however. Instead, it focuses on system-wide disparity, a point rec­
ognized by Sampson and Lauritsen (1997) and Dixon (1995).

To be sure, there is a body of research that focuses on actions
of particular types of actors involved in the sentencing process
(Kramer & Ulmer 1996). For example, there are six studies of
judicial departures in sentencing outcomes in guideline jurisdic­
tions (Kramer & Ulmer 1996, Langan 1996, Miethe & Moore
1986, Maxfield & Kramer 1998, Ulmer 1997, U.S. Sentencing
Commission 1995). Because departures represent deviation from
the presumptive sentence provided by the guidelines, these de­
partures can reasonably be assumed to reflect judicial discretion.
(Throughout this article, we follow convention in the literature
and use the term 'Judicial discretion" to refer to discretion in
criminal sentencing regardless of whether a judge or a prosecu­
tor is responsible for setting a given sentence and regardless of
whether the sentence results from a trial or a guilty plea.)

Five of these studies show some evidence for racial discrimi­
nation by the judges. However, this evidence is not necessarily
inconsistent with the finding of no overall discrimination in
some of these jurisdictions, since the judges may be compensat­
ing for the actions of prosecutors or reacting to the guidelines.
The net effect may be no racial disparity even though race was a
factor in the judge's decisionmaking process. For example,
Miethe and Moore (1986:269) used a study of judicial disposi­
tional and durational departures from Minnesota's guidelines to
conclude that there is "a process of sentence adjustments (by
judges) designed to bring the actual sentence more in line with
what judges and other criminal justice officials may consider an
appropriate sanction for the crime or person involved or both."

Each of these six studies focuses on departures from sentence
guidelines, but judges have additional discretion within the
ranges provided by the guideline grids. In this article, we present

data from Washington, DC, which is not a guideline jurisdiction. Both, however, include
measures for legal factors and extra-legal factors in an incarceration and in a sentence
length model. Although there are minor differences between them (for example, Al­
bonetti includes crime type while Dixon does not), both sets of models have similar
frameworks for structuring discretion in the system.
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736 Judging Judicial Discretion

a model, built upon work by Griswold (1987) and Engen and
Gainey (2000a), that attempts to capture the full amount ofjudi­
cial variation from the presumptive sentence recommended by
the guidelines. This variation includes both that which falls in­
side the guideline range and that which is outside the range. In
presenting our model, we make use of statistical innovations,
such as Tobit models (Tobin 1958) and the natural logarithm of
sentence length, which have been introduced in the larger litera­
ture looking at unwarranted disparity in sentence outcomes.
However, our interpretation of the results is different from the
bulk of the literature because of our focus on judicial discretion.

Focusing on judicial discretion directly can provide an alter­
native way to examine the question of racial disparity in sentenc­
ing outcomes. In the usual modeling approach, only the varia­
tion in sentence outcomes that is uncorrelated with legal factors
can be considered unwarranted disparity. Yet, it is not hard to
think of cases in which racial discrimination could be masked by
correlation with legal factors. Suppose that African Americans
tend to be disproportionately represented among those with
long criminal history records and individuals with long criminal
history records tend to get disproportionately long sentences. Al­
though it is possible that race has a direct causal impact on the
decisions of the actors in the system, high correlation between
race and the legal factors leads to imprecise estimates of the role
of race in the sentencing outcome." Because of the concerns
about ignoring legitimate variation due to legal factors, and in
the absence of alternative methods, researchers using regression
techniques have been forced to focus only on the variation in
race that is uncorrelated with legal outcomes,

Suppose, however, that we could distinguish between the use
of legal factors by the guidelines and the use of legal factors by
the judges. The literature contains a range of opinions on this
matter. Social theorists such as Savelsberg (1992) suggested that
guidelines represent a neoclassical return to formal rationality in
sentencing where the goal of sentencing is simply to "be just"
(Savelsberg 1992). Miethe and Moore (1986) argued that crime
severity and criminal history should not play an important role in
judicial discretion outside of the guidelines. From the perspec­
tive of highly structured guideline systems, departures are prima­
rily intended as a way of dealing with highly case-specific attri­
butes, for the very reason that the entity setting the guidelines
already specified roles for crime severity and criminal history. Us­
ing Weber's writings on substantive rationalization, Savelsberg
(1992) suggested that actors such as judges and prosecutors will
work to countermand the intent of sentencing guidelines and

:> Multicollinearity deals with the fact that high (but imperfect) correlation between
two or more independent variables yields imprecise estimates of the individual effect of
each of these variables on the outcome.
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will continue to exercise discretion through legal and extra-legal
factors. Theorists such as Ulmer (2000) and Kramer and Ulmer
(1996) in fact argue that legal factors such as criminal history
and crime severity are used informally by the judges as a way of
assessing blameworthiness and protecting the community, two of
their three "focal points" of judicial decisionmaking. Legal fac­
tors can also be used by judges in Albonetti's related theory of
bounded rationality (1991). In a somewhat different formula­
tion, Kessler and Piehl (1998) concluded that prosecutors and
judges exercise discretion within the class of factually similar
crimes, allowing laws to spill over to defendants with related legal
factors. Such a finding is consistent with the notion of informal
use of legal factors in sentencing decisions.

If there is informal use of legal factors by the judges, then it
seems reasonable to ask if this use is appropriate. For example,
evidence exists that judges use their discretion to give departures
to those with less-serious criminal histories and crime severity
(Kramer & Ulmer 1996, Miethe & Moore 1986), and these of­
fenders tend to be white. While not necessarily discrimination,
this disparity would automatically be considered warranted in the
traditional approach. If we draw a distinction between what the
guidelines tell judges to do and what the judges actually do, we
no longer have to conclude that all disparity that can be attrib­
uted to both race and legal factors should be termed warranted.
Identifying the behavior of a particular class of actors is also use­
ful from a policy perspective because it makes intervention possi­
ble. Knowing whether racial disparity is reduced or increased as
the result of judicial discretion helps move one toward action
(relative to knowing simply the level of disparity of the criminal

justice system as a whole). Also, it may be interesting to compare
how the exercise of judicial discretion varies across jurisdictions
with different institutional environments. This exercise is only
possible once judicial discretion has been isolated.

We implement our approach using data on sentenced of­
fenders from the state of Maryland. We find evidence of substan­
tially more discretion on the part ofjudges (and/or prosecutors)
than was previously believed to be the case. Furthermore, we find
evidence of substantial racial disparity in sentencing outcomes,
which is attributable to judicial discretion. This disparity is on the
order of 20% higher sentences for African Americans than for
whites. The difference between our results and those in the rest
of the literature is, in some cases, the result of a different model­
ing approach. In other cases, modeling is unlikely to explain the
divergence, and we speculate that differences in the institutional
structure across jurisdictions may be responsible. Before getting
to the model and results, however, we review the current litera­
ture on disparity in sentence outcomes.
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738 Judging Judicial Discretion

II. Literature Review

The study of unwarranted disparity in sentence outcomes was
first implemented in jurisdictions with indeterminate sentences
and later in jurisdictions that had adopted determinate sentenc­
ing structures, primarily sentencing guidelines. (See Spohn 2000,
Sampson & Lauritsen 1997, and Albonetti 1998 for reviews of the
literature.) Although it is risky to generalize over such a large
and disparate literature, these models always include measures of
offense severity and criminal history of the defendant, and are
usually estimated in two stages (the in/out decision and sentence
length). Models in jurisdictions with determinate sentences apply
the measures of criminal history and crime severity used in the
guideline scoring systems. The two models (in/out and sentence
length) taken together tend to have substantial explanatory
power because of the legal factors, as expected. After the most
recent round of research, a consensus has emerged that there is
little evidence of direct racial discrimination. The racial discrimi­
nation that is observed tends to occur in the in/out decision, and
these findings are of modest size. Discrimination is generally esti­
mated at less than a 10% increase in the probability of prison for
blacks relative to whites (Spohn 2000, Sampson & Lauritsen
1997).

Over the past 20 years, people have refined the approach to
this question. This evolution was driven by the definition of un­
warranted disparity, which implies that the validity of research
findings depends on the adequacy of the methods and measures
used to control for the impact of legal factors on sentence out­
comes. If these controls are inadequate, or the statistical model is
inappropriate, then the findings (or absence of findings) of ra­
cial discrimination might be the result of specification bias." Be­
cause of the importance of specification, much of the research in
this area has focused on improving the explanatory fit of the
models by improving the measures or the statistical models. Pe­
terson and Hagan (1984) raised the issue that the lack of discrim­
ination in the sentence-length model was the result of the inclu­
sion of only those people who received a prison sentence. To
solve this problem, they proposed a two-stage sample-selection
technique that attempts to control for sample-selection bias.
They reported larger race effects with the sample-selection tech­
nique, and this technique and variations of this technique are
now used in virtually all models in the field. Albonetti (1997,
1998) has moved to a one-stage model incorporating probation
and prison outcomes, using the Tobit to correct for censoring in
the same spirit as the two-stage sample-selection corrections. As

6 This is an argument first made by Kleck (1981) and Wilbanks (1987). See also Zatz
(1987).
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another example of specification improvements, Wheeler et al.
(1982) and Albonetti (1998) logged the sentence-length variable
in order to deal with the positively skewed sentence-length data,
another empirical artifact that could bias results.

The introduction, in many states, of sentencing guidelines
changes the statistical problem researchers face. Guidelines tell
the judges exactly which legal factors should be used, and how.
In particular, individuals are assigned a score for criminal history
and a score for crime severity, and these scores are then used to
locate a unique cellon the sentencing grid. Each cell in the
guidelines grid specifies a minimum and maximum sentence
length.

Mustard (2001) pointed out that the federal sentencing
guideline grid is not linear, although the measures of criminal
history and crime severity are typically entered in a linear way
into statistical models. He modeled the scores in a nonlinear way
by including a dummy variable for each cell in the grid, which
improved the fit of his model. This improvement in fit was taken
as a sign that the controls for legal factors are improved and
therefore the resulting estimate of the race effect is more valid.
Engen and Gainey (2000a) made the same observation about
non-linearity of the grid in Washington state, but recommended
the use of the presumptive sentence prescribed by the guidelines
(in their case, the midpoint of the cell). When controlling for
legal factors the standard linear way, by linearly entering the
scores on which the grid is based, Engen and Gainey (2000a)
have an adjusted R2 of 0.512. The adjusted R2 improves to 0.726
when they use dummy variables rather than the linear scores."
and improves even more to 0.804 in their preferred model using
the presumptive sentence. Using federal data, Albonetti (1998)
also showed the inclusion of the recommended sentence (maxi­
mum sentence in her case) increased model fit. Ulmer (2000)
also showed an increased fit in Pennsylvania data when the
guideline minimum was added to the sentence-length model in
place of the linear controls for crime severity and criminal his­
tory. In each case, the estimates for the effects of extra-legal fac­
tors decline as the model fit improves.

Based on these types of models, some reviewers have con­
cluded that judges have only a modest ability to discriminate,
since legal factors account for so much of the variation in sen­
tence outcomes. According to this line of thought, major dis­
crimination, if it exists, must occur before the actions of the
judge (Sampson & Lauritsen 1997). Researchers skeptical of this
conclusion have begun to look for indirect discrimination by

7 This model is not exactly the model recommended by Mustard (2001), which in­
cludes a dummy for each cell, not one for each value of each of two legal factor scores.
The Engen and Gainey dummy variable model has 22 dummy variables; using the Mus­
tard approach would have added approxirnately another 100 variables.
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740 Judging Judicial Discretion

judges by estimating interactive models that allow for the impact
of legal factors to vary by race. (See Miethe & Moore 1986, Myers
& Talarico 1987, Chiricos & Crawford 1995, Zatz 1987, and
Spohn 2000.)

The problem with concluding that judges (and/or prosecu­
tors) have a limited ability to discriminate is that the basic ap­
proach to identifying discrimination was not created to isolate
and explain the decisions with regard to sentencing. Instead, the
statistical models were developed to estimate the system-wide im­
pact of extra-legal factors on sentence outcomes over and above
that of legal factors. While this latter line of research is valuable,
it necessarily limits the conclusions one can reach about the ac­
tions of particular actors in the criminal justice system. The find­
ing of a high R2 in such a model could be the result of judicial
discretion, but it could also be the result of the actions of other
actors in the criminal justice system.

This important observation has been made before by re­
searchers such as Klepper et al. (1983) and more recently by
Kramer and Ulmer (1996). The sentence outcome for any partic­
ular offender is the result of a process that involves many actors,
starting with the arrest and ending with the judge's sentencing
decision or the plea bargain agreed to by the prosecutor. Just as
failure to adequately model legal factors could lead to misattribu­
tion of explanatory power to extra-legal factors such as race, fail­
ure to adequately model the actions of a particular actor could
lead to misattribution of racial bias to other actors (Klepper et al.
1983).

As a result, if researchers want to study the variation in sen­
tence outcomes that is the result of a particular actor, they must
first isolate the variation that can be attributed to that actor. In
the case at hand, the first step therefore should be to divide the
variation in sentence outcomes into that due to the judge or
prosecutor and that due to other actors. At that point, the re­
searcher can begin to explain that variation.

Researchers studying guideline departures use this approach
(Kramer & Ulmer 1996, Langan 1996, Miethe & Moore 1986,
Maxfield & Kramer 1998, Ulmer 1997). Guideline departures
must be the result of judicial discretion because everything that
happens prior to sentencing places the offender in a particular
cellon the grid.s The fact that the offender received a sentence
departing from the range associated with that cell can only be
attributed to the judge (either directly or through agreeing to a
plea bargain offered by the prosecutor). These models tend to

8 We do not mean to minimize the complicated (and perhaps strategic) behavior
that takes place prior to sentencing, including, e.g., bargaining over charges. Instead, we
abstract from this process to emphasize the sentencing stage. Such an abstraction may be
more appropriate in jurisdictions with lower incentives to conclude all bargaining well
before confronting the guidelines grid.
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have fairly low R2 (usually no more than 20%), which is consis­
tent with the idea that departures depend on highly case-specific
factors. Studies of departures also almost always find evidence of
racial bias, even in data sets that generally find small or nonexis­
tent race effects on sentence length, such as in Pennsylvania
(Kramer & Steffensmeier 1993). This finding suggests that the
actions of one set of actors can be hidden by the actions of the
court as a whole.

Moreover, these papers provide evidence that race can exert
an indirect influence through legal factors. For example, Miethe
and Moore's (1986) Table 5 shows that race and other extra-legal
factors can predict criminal history and crime severity. The effect
of race is then attenuated when criminal history and crime sever­
ity are entered into the model of guideline departures. Although
attenuation is expected in a general model of sentencing out­
comes, it is less expected in a model of departures, since legal
factors already drive the guidelines themselves.

In their qualitative work on court decisionmaking, Kramer
and Ulmer (1996) provide an example of how race can affect
outcomes through criminal history and crime severity. One rea­
son that judges give for a downward departure is that the offense
or prior record is less serious than the guideline scores indicate.
Judges use this reason 14% less often for African Americans than
for whites. This result is consistent with the Kramer and Ulmer
(1996) empirical result that those with less-severe criminal histo­
ries and crime severity are more likely to be granted a downward
departure from the guidelines. The net effect is that judges
counteract the guidelines at a greater rate for whites than for
African Americans. This example demonstrates that the use of
criminal history and crime severity by the judges is not necessa­
rily innocuous. It is possible that this use of sentencing depar­
ture, which is entirely discretionary, is being used to dispropor­
tionately sentence African Americans to longer sentences. In this
example, what is "legal" action may also be discriminatory behav­
ior. Our approach of focusing on judicial discretion opens up
this use of particular case characteristics to legitimate scrutiny.

Of course, guideline departures are not the only source of
judicial discretion. The guidelines provide a minimum and maxi­
mum for each cell, and a judge can select a sentence anywhere
within that range without departing from the guideline range.
This variation within the guideline ranges is part of judicial dis­
cretion. Griswold (1987) recognized this in his study of judicial
discretion under Florida's guidelines and reflected it when defin­
ing his dependent variable as the difference between the sen­
tence outcome and the recommended sentence," as in equation
(1) .

9 Griswold (1987) standardized the dependent variable by dividing by the recom­
mended sentence length. We omit this step in equation (1) for conceptual clarity but

https://doi.org/10.2307/3185415 Published online by Cambridge University Press

https://doi.org/10.2307/3185415


742 Judging Judicial Discretion

Actual Sentence Length; - Recommended Sentence Length; = a + yX + E; ( 1)

Here, X is a vector including both legal and extra-legal factors
that might predict judicial discretion.

In Florida, the guidelines actually suggest a recommended
sentence length, roughly the midpoint of the cell. In other juris­
dictions, the midpoint can be thought of as a reasonable estimate
of the recommended sentence (Engen & Gainey 2000a). As with
the models of departures from guidelines, Griswold is only able
to explain a small amount of this variation. But, Griswold also
showed that offenders with less-serious criminal histories and
crime severity tended to get lighter sentences. If these types of
offenders tend to be white, then judicial discretion is acting to
provide lesser sentences to white offenders, against the recom­
mendations of the guidelines. Finally, although he was unable to
include race in the model.!" he did show that extra-legal factors
accounted for some of the explained variation, even when legal
factors were included in the model. For example, women con­
victed of robberies get a 43% reduction in sentence length below
the recommended sentence, relative to men.

Engen and Gainey (2000a) also used the guideline midpoint
to capture the recommendation of the sentencing commission.
However, their model differs in an important way from Gris­
wold's. As shown in equation (2), Engen and Gainey included
the recommended sentence on the right-hand side, with a coeffi­
cient that is allowed to vary.

Actual Sentence Length; = a + ~ Recommended Sentence Length; + yX + E; (2)

This makes sense in the context of the original problem ad­
dressed in their paper, that of the non-linearity of the guideline
grid. But in their response to a critique of their paper by Ulmer
(2000), they began to argue for a different interpretation:

Therefore, we argue that the presumptive sentence in fact has a
qualitative meaning apart from the actual sentence. It repre­
sents the sentence that the guidelines would have the court im­
pose in most normal circumstances. In other words, the presump­
tive sentence represents the formal structure. It is impossible to
observe the substantive process operating to determine
sentences "above and beyond" the formal structure of the
guidelines unless we control for what the structure prescribes.
(Engen & Gainey 2000b:1250-51)

This interpretation is consistent with our understanding of
the Griswold model. But a close examination of the Engen and

return to it in the next section. Also, for reasons that are not completely clear, Griswold
subtracted the actual sentence from the recommended sentence, rendering a downward
departure as a positive change and an upward departure as a negative change. We reverse
the two for the sake of clarity.

10 Griswold notes that "even though it was found that race was related to sanctions
in the experimental study, no information was collected on race after the guidelines were
introduced because of the potential political ramifications" (p. 328).
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Gainey model reveals that the coefficient ~ captures how the sen­
tence outcomes vary with the recommendation of the guideline.
In equation (1), ~ is set equal to 1, by definition, since the recom­
mended sentence is simply the starting point for judicial discre­
tion. By allowing the coefficient ~ on the recommended sentence
to vary, Engen and Gainey are capturing the judges' response to
the recommendation. In their model (Engen & Gainey
2000a:1218, model 4), the coefficient on the recommended sen­
tence is greater than 1, indicating that as the recommended sen­
tence increases, the judges use their discretion to punish offend­
ers yet more harshly. 11 They suggest that the legal score variables
included in addition to the recommended sentence in the model
should capture whether the legal factors influence the use ofju­
dicial discretion, but by allowing the coefficient on the recom­
mended sentence to vary, they have not isolated judicial discre­
tion in the same manner as Griswold.

To be fair to Engen and Gainey (2000a), they were trying to
focus on the distinction between the guideline's use of legal fac­
tors and judges' use of these same factors. This is a difficult dis­
tinction to make in a literature so long focused on improving the
fit of the models to avoid specification bias. This tension is evi­
dent in Ulmer's response to Engen and Gainey's new ideas.

On one hand, Ulmer and his colleagues are responsible for
the main theoretical argument supporting the idea of judicial
use of legal factors above and beyond the guidelines. For exam­
ple, Ulmer (2000:1240) states:

As my colleagues and I have always argued, sentencing is an
interpretive decision making process even under guidelines
and one that is highly variable according to local court commu­
nity contexts. Offense severity and prior record have a very real
qualitative meaning to court community actors-above and be­
yond the role they play in establishing presumptive sentence
recommendations in a guidelines grid.

Yet, in interpreting Engen and Gainey's model, Ulmer reverts to
the question of fit that drives the literature on warranted versus
unwarranted disparity. He does not evaluate the inclusion of
criminal history and crime severity above and beyond that of the
recommended sentence ill terms of their ability to capture judi­
cial discretion, but in terms of their ability to improve model fit
(R2

) . As Griswold makes clear, one should only include these le­
gal factors in the model if one wants to understand judicial dis­
cretion. The inability to improve fit is irrelevant. A zero coeffi­
cient on the legal factor scores means only that judges do not
make use of criminal history and crime severity above and be­
yond the recommendation of the guidelines. Intuitively, the pre­
sumptive sentence and the legal-factor scores serve two very dif-

11 Ulmer's (2000) estimate of the coefficient on the recommended sentence is also
greater than one, although the difference is negligible (1.03).
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ferent functions. The first serves to identify judicial discretion,
the second serves to explain it. Having said that, the findings in
the literature on sentencing departures (showing that judges use
criminal history and crime severity over and above how the
guidelines recommend they be used) raise the very real possibil­
ity that this behavior is discriminatory.

In the next section, we present a model that builds on Gris­
wold's model of judicial discretion. While we are not interested
in measuring unwarranted disparity as described in the larger
literature previously reviewed, we repeatedly appeal to lessons
learned in the larger literature.

III. A Model of Judicial Discretion

The key empirical task is to identify an approach that allows
us to model the guidelines themselves. Once this is done, we can
assess the variation in sentencing outcomes accounted for by the
guidelines separately from the variation in sentencing outcomes
that is not accounted for by the guidelines. We start from the
simple model provided by Griswold (equation 1), which can be
rewritten as equation (3).

Actual Sentence Length, = a + Recommended Sentence Length, + YX + £ i (3)

Stated directly, this model says that the sentence-length decision
starts from the recommended sentence length from the guide­
lines, but there may be additional observed variation that can be
explained by a vector of explanatory factors X, including race.
Removing all of the variation due to sentencing guidelines allows
us to isolate the discretion of the judge.

This understanding of sentencing implies that the decision
process occurs in one stage. After receiving input from the guide­
lines, the judge makes a decision about sentence length, a deci­
sion that can include a prison sentence of zero (meaning proba­
tion of some unobserved length). Although practice varies by
jurisdiction, most guideline grids do not allow probation for
most of the cells. For those cells in which a prison sentence is the
minimum sentence, probation only occurs as a departure from
the guidelines. Although judges can and do go below the recom­
mended minimum to give a sentence of probation, it makes
sense to view this as a deviation from the guidelines on a continu­
ous dimension rather than as the first step in the sentencing de­
cision. For those cells in which probation was allowed, it makes
sense to think of the probation decision as an unobserved, cen­
sored outcome.

The literature is divided on whether to estimate in one or two
stages. Most researchers argue that it is imperative to model the
sentencing decision in two stages and that failure to do so is in­
correct and misleading (Spohn 2000, Steffensmeier et al. 1993).
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A small minority, as will be discussed later, have been estimating
a single-stage process for some time. Most studies cite Wheeler et
al. (1982) as the basis for the conceptual distinction between pro­
bation and prison sentences. Interviews with federal judges in
white-collar crime cases revealed that the first and most impor­
tant decision these judges made was the decision to incarcerate.

The Wheeler et al. study, however, was conducted on federal
data before the onset of structured sentencing. At that time
judges had virtually unfettered discretion with respect to sentenc­
ing, and parole boards had wide discretion in determining re­
lease from prison. Under this indeterminate sentencing, "parole
boards generally control the precise duration of prison terms"
(Reitz 1998:390). Thus, modeling sentencing in two stages was an
appropriate structure (though given the power of the parole
board, it is unclear whether anything meaningful about actual
experience could have been inferred from the results of the sec­
ond stage). Once guidelines were introduced, judicial discretion
was curbed, by design, and in many jurisdictions the discretion of
the parole board was eliminated. For many defendants, incarcer­
ation is the only option unless the judge decides to deviate from
the guidelines. The conceptual argument for modeling the sen­
tencing decision as two stages is considerably weaker under de­
terminate sentencing than it was when it first became standard in
the literature, before sentencing reform.

Of course, if we decide to model the judicial decision as one
stage in response to the presumptive sentence of the guideline, it
is still important to take into account the fact that the data on
probation is censored, as recommended first by Peterson and
Hagan (1984). To deal with censoring, Albonetti (1997, 1998),
Rhodes (1991), and Steffensmeier and Demuth (2001) modeled
the sentence outcome in one stage using a Tobit regression. Cen­
soring occurs when the dependent variable is not observed be­
cause it falls below (or above) a certain threshold. In the case of
sentence length, we have two censoring points. All individuals
who are sentenced to probation are censored at the cutoff value
of zero, and all individuals who are sentenced to life are cen­
sored above a certain number of years. For example, in the data
we use, the longest sentence for someone with less than a life
sentence is 40 years (1 person), while another 4 people have
sentences of 35 years. Therefore, any standard greater than 40
years would distinguish a life sentence from one with a defined
term, so we will use 40 years as the cutoff in the Maryland data
set.

Regardless of the cutoff, there is clearly variation in the sever­
ity of the sentence among individuals who are sentenced to pro­
bation, but we are not able to observe this variation. Another way
to say this is that there is a latent variable y* which is only ob-
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served when its value is between the threshold values. This can be
written formally as:

[

0 if Y: $; 0
Yi = Y: if 0 $; Y: $; 40

40 if Y: ~ 40

The Tobit model (Tobin 1958) solves this problem by enter­
ing all of the information we have into a likelihood function
based on the assumption that y* would be distributed normally if
it was fully observed. 12 We can then look at the separate contribu­
tion of each part of equation (4) to the likelihood function, as in
equation (5):

[

0 if Y: $; 0 ~ }~(O I~i,a)
Yi = y: if 0 $; y: s 40 ~ !N(Yi I~i,a)

40 if Y: ~ 40 ~ I-FN ( 40 I~i,a)

In effect, this likelihood function is the product of two probit
regressions and one linear regression model.

As with all statistical models, there are some limitations to the
Tobit. The underlying distribution may not in fact be normal,
and there is no direct way to test this assumption. In addition, the
coefficients in the probit equations are assumed to be propor­
tionate (based on the estimate of the standard error) to the coef­
ficients in the truncated linear regression model. As noted by
Steffensmeier and Demuth (2001), this can be a restrictive as­
sumption if the same causal factors are not responsible for the
in/out decision and the sentence-length decision. From our
viewpoint, however, this is not a methodological issue of general
versus restrictive models, but rather a theoretical issue. We be­
lieve that judicial decisionmaking in the presence of guidelines is
a one-stage process. Therefore, by definition, the causal factors
must be the same across the truncation boundary. Because of our
theoretical approach, the Tobit becomes the model of choice be­
cause it deals with the truncation boundary but does not force us
to treat the truncation boundary as a separate decision stage with
its own causal structure.!" Ultimately, the main benefit of the To­
bit model lies in its ability to deal with the truncation problem
evident in sentencing data while implementing a model that re­
flects our theory of judicial decisionmaking.

12 Since we only observe y, the observed distribution does not need to be distrib­
uted normally.

13 It is worth noting that selection correction mechanisms, as they are usually imple­
mented in this literature, are not a solution. Unless exclusion restrictions are specified,
these models rely on a parametric assumption to identify the selection correction. To
make these models less reliant on functional form, one must specify exclusion restric­
tions, or factors that determine the probability of incarceration but do not influence sen­
tence length for those who are sentenced to prison terms. There are no good examples of
such factors in the literature. Econometricians have strongly criticized the use of selection
correction models without exclusion restrictions. See Johnston and DiNardo (1997) sec­
tion 13.12.2, for "some cautionary remarks about selectivity bias" in selection models with­
out appropriate exclusion restrictions.
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The fact that the dependent variable is censored is not the
only problem with the dependent variable. In levels, the data on
sentence length have substantial positive skew. The outliers could
lead linear regressions of sentence length to have curvilinear er­
ror terms, leading to inefficient standard errors and potential
bias. As first observed by Wheeler et al. (1982), the problem of
outliers can be dealt with by taking the natural log of the sen­
tence length. This approach has the added advantage of giving
the coefficients of the model very straightforward interpretations
as the percentage change in y* caused by changes in X. In what
follows we deal with the natural log of all sentence lengths.

It is worth noting that Griswold (1987) standardized the de­
pendent variable by dividing the gap between actual and recom­
mended sentence by the recommended sentence. Engen and
Gainey (2000a) did not standardize the dependent variable, leav­
ing the units in months. Not standardizing the dependent varia­
ble means that the statistical model estimates relationships in
levels. Standardizing by taking logs (or using Griswold's ap­
proach) means that any discriminatory effect is estimated in (ap­
proximately) constant percentage terms. The importance of stan­
dardizing becomes clear when thinking about individuals at
different points on the guideline grid. A departure of ten months
when the recommendation is only twelve months is very different
from a departure of ten months when the recommendation is
144 months, yet regressions in levels forces these two departures
to have identical meaning. Using logs means not only that the
positive skew mentioned previously is better accommodated but
also that the model more accurately compares departures from
any recommended sentence length. In practice, this means that
estimates of racial disparity using a standardized sentence length
will reflect short recommended sentence lengths more than us­
ing an unstandardized measure will.

The last key challenge is to develop a measure of the recom­
mended sentence. We agree with Ulmer (2000) and Engen and
Gainey (2000a) that this measure will be dependent on the juris­
diction in question. Engen and Gainey (2000a) and Griswold
(1987) chose the midpoint, but Ulmer (2000) chose the stan­
dard range minimum. All three of these choices were legitimate,
because they were based on an understanding of the guidelines
they were intended to reflect. As we discuss in more detail later,
our preferred model for the Maryland data will use the guideline
midpoint. With these choices, theoretical equation (3) becomes
model (6):
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Actual Sentence Length, = a + Recommended Sentence Length, + yX + Ci (3)

In(Actual Sentence Length i) = a + In (Guideline Midpointi) + yX + s, (6)

In summary, our model ofjudicial discretion begins with the
traditional desire to control directly for all previous actors in the
system prior to sentencing. We contend that the sentence recom­
mendation from the sentencing commission (based on the
guidelines) represents the collective input of these actors. Work­
ing from this recommendation, the judge assigns a final sentence
length (or accepts the sentence recommendation of the prosecu­
tor).

Our approach has three concrete implications for statistical
models of racial disparity in guideline jurisdictions. First, the role
of "legal factors" as determined in the guidelines should be con­
trolled for in the model by including the recommended sentence
length in the model, not the crime severity and criminal history
scores used by the guidelines. Second, the coefficient on the rec­
ommended sentence length should be fixed so that the discrimi­
nation model attempts to explain only the difference between
the recommendation and the outcome. Estimating a coefficient
on the recommended sentence length would combine the discre­
tion of the judge with the actions of the prior actors, directly
defeating our attempt to separately estimate the actions of the
judge from the actions of the other actors in the criminal justice
system. Finally, any statistical model should estimate probation
and sentence length as the outcome of one decision, the deci­
sion of the judge in the presence of the recommended sentence.
This decision to incorporate probation sentences in the same
model with prison sentences requires that the statistical model
deal with censored data using an approach such as the Tobit
model. After describing sentencing in Maryland in the next sec­
tion, we operationalize each of these recommendations in the
context of the Maryland sentencing guidelines and provide em­
pirical estimates of racial disparity in sentencing.

IV. Sentencing in Maryland

In May 1983, Maryland's Judicial Conference, a statewide
body of all Maryland judges, voted to apply sentencing guidelines
statewide beginning July 1, 1983. 14 This action was undertaken
voluntarily by the judges, without legislative mandate. These
guidelines were administered by a sentencing guidelines board
of 14 justices representing each of Maryland's judicial circuits.
The guidelines had four explicit goals: (1) increasing equity in
sentencing, (2) articulating an explicit sentencing policy with a
regular basis for review and change, (3) providing information

14 This section draws heavily upon Administrative Office of the Courts (1993).
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for new judges, and (4) promoting increased visibility and under­
standing of the sentencing process.

The guidelines apply to circuit courts only, with separate
guideline grids for crimes against the person, crimes against
property, and crimes involving controlled substances. The
sentences are based on the seriousness of the primary offense
and the offender's prior criminal history record. The guidelines
board placed all crimes into five seriousness categories. Offense
seriousness for person offenses also takes victim injury, weapon
usage, and special vulnerability of the victim into account. The
"prior criminal history" score is based on prior adult criminal rec­
ord, prior adult parole and probation violations, prior juvenile
record (for offenders age 25 or younger), and relationship to
criminal justice system at the time of the offense. Table 1
presents the sentencing grid for person offenses. The axis across
the top of the grid represents prior criminal history, while the
vertical axis represents the severity of the current crime. Serious­
ness of prior record increases from left to right; seriousness of
the current offense increases as one moves down the table. (See
the Appendix for details on how the scores are calculated.)

Table 1. Maryland Sentencing Grid for Person Offenses Lower
End of Guideline Range/Upper End of Guideline Range

Criminal History Score

Offense 7 or
Category 0 2 3 4 5 6 more

1 PIP PIP P/3M 3M/1Y 3M/18M 3M/2Y 6M/2Y 1Y/3Y
2 P/6M P/1Y P/18M 3M/2Y 6M/3Y 1Y/5Y 18M/5Y 3Y/8Y
3 P/2Y P/2Y 6M/3Y 1Y/5Y 2Y/5Y 3Y/7Y 4Y/8Y 5Y/10Y
4 P/3Y 6M/4Y 1Y/5Y 2Y/5Y 3Y/7Y 4Y/8Y 5Y/10Y 5Y/12Y
5 3M/4Y 6M/5Y 1Y/6Y 2Y/7Y 3Y/8Y 4Y/10Y 6Y/12Y 8Y/15Y
6 1Y/6Y 2Y/7Y 3Y/8Y 4Y/9Y 5Y/10Y 7Y/12Y 8Y/13Y 10Y/20Y
7 3Y/8Y 4Y/9Y 5Y/IOY 6Y/12Y 7Y/13Y 9Y/14Y 10Y/15Y 12Y/20Y
8 4Y/9Y 5Y/10Y 5Y/12Y 7Y/13Y 8Y/15Y 10Y/18Y 12Y/20Y 15Y/25Y
9 5Y/10Y 7Y/13Y 8Y/15Y 10Y/15Y 12Y/18Y 15Y/25Y 18Y/30Y 20Y/30Y

10 10Y/18Y 10Y/21Y 12Y/25Y 15Y/25Y 15Y/30Y 18Y/30Y 20Y/35Y 20Y/L
11 12Y/20Y 15Y/25Y 18Y/25Y 20Y/30Y 20Y/30Y 25Y/35Y 25Y/40Y 25Y/L
12 15Y/25Y 18Y/25Y 18Y/30Y 20Y/35Y 20Y/35Y 25Y/40Y 25Y/L 25Y/L
13 20Y/30Y 25Y/35Y 25Y/40Y 25Y/L 25Y/L 30Y/L L/L L/L
14 20Y/L 25Y/L 29Y/L 30Y/L L/L L/L L/L L/L
15 25Y/L 30Y/L 35Y/L L/L L/L L/L L/L L/L

NOTES: P = probation; M = months; Y = years; L = life.

The sentencing board considered but ultimately rejected the
formal use of mitigating factors. Mitigating factors such as "pro­
viding substantial assistance" are to be taken into account by the
judge with no formal assistance from the guidelines board. No
official list of proscribed factors (that cannot be taken into ac­
count) is provided. The guidelines themselves are voluntary, with
no penalty for sentencing outside of the range provided by the
guidelines. The sentence lengths attached to the grid are deliber­
ately descriptive, rather than prescriptive.
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There was a revision of the grids in July 1987, with some
changes in the assigned penalties. If> For eight years, there were
no changes in the structure of the guidelines. More recently (and
subsequent to the end of our data set), Maryland has become a
legislatively mandated guideline state, although the guidelines
remain descriptive and the penalty for departure is still weak.
There are also several mandatory maximums (and fewer manda­
tory minimums) prescribed by the legislature that override the
guidelines. In almost all cases, the mandatory maximums are be­
low the maximum of the guidelines range. We incorporate these
laws into the analysis below.

According to Tonry (1996), voluntary guidelines have not led
to measurable declines in unwarranted disparity, leading some to
doubt whether judges follow voluntary guidelines. Nevertheless,
it is possible for the guidelines to have no net effect on outcomes
yet still be used by judges as the starting point for their decisions.
This is especially true in Maryland, since the guidelines were de­
scriptive and therefore not intended to change the average sen­
tencing practices of judges.

We attempted to validate in a number of different ways our
claim that judges are in fact using the guidelines as a point of
departure. First, according to records, guideline worksheets are
filled out for the vast majority of all cases. The judges are re­
quired to sign the forms, indicating that they are aware of the
scores awarded. Second, personal communication with the cur­
rent director of the Sentencing Commission, along with an arti­
cle written by one of the founding judges, suggest that judges do
in fact use the sentencing guidelines as a starting point for the
sentencing (Levin 1984). Apparently, although not bound by the
law, judges appreciate the political cover provided by a sentence
that falls within the guideline ranges. It is harder to determine,
absent a formal survey, whether the judges or prosecutors offer­
ing plea bargains focus on the midpoint of the sentence range.
We test the robustness of this assumption later.

v. Empirical Results

To estimate racial disparity under our theory of sentencing,
we use data collected by the Maryland Administrative Office of
the Courts from the worksheets for each convicted offender
filled out by court clerks at each circuit court. The database con­
tains demographic information about the offender, criminal his­
tory measures, indicators of the characteristics of the crime(s),
and case-processing variables.!" Given that there are separate

15 There was also a change in the method of calculating the adult record in the case
of multiple charges, several new offenses were added, and the offense seriousness cate­
gory was changed for 9 offenses (3 downgrades, 6 upgrades).

16 For details about data collection, see Souryal and Wellford (1997).
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sentencing grids for person offenses, property offenses, and drug
offenses, the data must be analyzed by crime type. We have cho­
sen to restrict our attention to person offenses. 17 We further re­
strict our attention to those convicted of a single count.!" We
limit our analysis to offenses taking place in the period after the
set of sentencing reforms went into effect on July 1, 1987, and
running for eight years. Less than 10% of the observations were
dropped due to missing demographic or inconsistent sentencing
information. After these exclusions, the resulting sample is
14,633 people.

Table 2 reports means and standard errors of the key vari­
ables for this sample. The first column contains descriptive statis­
tics for the full sample, while other columns include the values
for subsets of the sample by race and ethnicity (whites, African
Americans, and Hispanics). For the full sample, 73% were sen­
tenced to prison. Among those with a prison sentence, the aver­
age length was 45 months. Averaging the prison sentence across
the full sample yields a mean sentence of nearly 33 months. Nine
percent of the sample was female, and the average age at time of
offense was 28 years. The sample was 65% African American and
1.4% Hispanic. The small size of the Hispanic population will
limit the extent to which statistically valid statements can be
made about that group. The two dimensions of the sentencing
grid are summarized in the average scores. The average score for
the criminal history dimension was approximately 2, while the
average score for the current offense was 4.3. Ninety-two percent
of the cases were settled by a guilty plea.

As whites and blacks together account for 98% of the sample,
the subsequent analysis of potential discrimination will necessa­
rily emphasize those two groups. Therefore, it is instructive to
compare the descriptive statistics in columns (2) and (3). Com­
pared to whites, African Americans are more likely to be sen­
tenced to prison and, if so, they are more likely to have a longer
sentence. Putting these two factors together, the overall average
sentence for African Americans is more than 35 months and the
average sentence for whites is almost 28 months, a gap of 28%. A
somewhat higher proportion of African Americans are female.
African Americans are somewhat younger than whites. The
higher levels of punishment are likely related to the higher crimi-

17 Person offenses include murder, rape and sexual assault, kidnapping, robbery,
assault, and similar offenses. The most common crimes in the data set are robbery and
assault.

1H Due to the complexity of multiple-count data, most analysts restrict themselves to
single-count data, which is the approach we adopt here. This means that certain situations
are omitted from the analysis, including single-event convictions in which a group of of­
fenses was committed during one continuous criminal act (for example, robbery with a
deadly weapon and use of a handgun in the commission of a felony); single events with
more than one person offense with a seriousness category I or II (the least serious of­
fenses); and multiple criminal events (e.g., a defendant who has been arrested on differ­
ent dates for drug distribution).
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Table 2. Descriptive Statistics: Maryland Offenders Convicted
of Person Offenses

(1) (2) (3) (4)
All Whites Blacks Hispanics

Any prison term 0.729 0.655 0.769* 0.696
(0.004) (0.007) (0.004) (0.032)

Prison term (in months) 44.67 42.34 46.12* 28.76*
(if> 0) (0.668) (1.205) (0.820) (3.810)

Prison term (in months) 32.57 27.72 35.48* 20.02
(0.514) (0.840) (0.662) (2.800)

Female 0.087 0.076 0.093* 0.033*
(0.002) (0.004) (0.003) (0.012)

Age at offense 28.14 30.33 27.03* 27.39*
(0.079) (0.148) (0.090) (0.556)

African American 0.646 0 1 0
(0.004)

Hispanic 0.014 0 0
(0.001)

Other race/ethnicity 0.006 0 0 0
(0.001)

Criminal history score 1.967 1.854 2.062* 0.636*
(0.018) (0.031) (0.021) (0.084)

Offense seriousness score 4.326 3.867 4.567* 4.200*
(0.020) (0.034) (0.026) (0.177)

Guilty plea 0.917 0.909 0.922* 0.897
(0.002) (0.004) (0.003) (0.021)

N 14,633 4,877 9,448 214

NOTE: Means with standard errors are in parentheses. An asterisk indicates that the
mean or proportion is statistically different from the mean for whites at the 5% level of
significance.

For the second row, only those with prison terms are included. N's are, respectively,
10,669; 3,198; 7,268; and 149.

nal history and current offense scores of African Americans. Fi­
nally, African Americans are somewhat more likely to have set­
tled their cases through a plea.

Table 3 begins with specifications of the form generally esti­
mated in the literature assessing discrimination in sentencing.
Column (1) reports a probit of the "in/out" decision, finding
that African Americans are 5.3 percentage points more likely
than whites to be sentenced to prison, while Hispanics are about
9 percentage points more likely. Guilty pleas are associated with a
lower likelihood of prison. As is to be expected, higher offense
and history scores are associated with a higher likelihood of
prison. All coefficients have the expected signs.

Column (2) reports results from OLS of sentence imposed
(in months) for those sentenced to prison. Here there are no
significant differences among the racial/ethnic categories. In
contrast, women continue to receive less punishment than do
men. Pleas continue to be associated with reductions in sentence
length. These findings are quite consistent with the general pic­
ture in the literature: Little or no difference is found among the
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Table 3. Estimates of Racial Disparity: Two Stages
Maryland Person Offenses

(1) (2)
Probit: In/Out OLS: Sentence Length

African American 0.053* -1.207
(0.008) (1.161)

Hispanic 0.087* -6.724
(0.020) (4.440)

Other race/ethnicity 0.022 -11.200
(0.040) (6.927)

Female -0.173* -10.226*
(0.015) (2.181)

Age at offense -0.006* 0.496
(0.002) (0.273)

Age squared (*100) 0.003 -0.500
(0.002) (0.394)

Guilty plea -0.079* -25.311 *
(0.011) (1.766)

History score 0.074* 8.888*
(0.002) (0.248)

Offense score 0.040* 13.436*
(0.002) (0.230)

Sexual assault -0.231 * -28.54*
(0.027) (2.424)

Assault -0.238* -44.63*
(0.023) (2.236)

Robbery -0.109* -41.93*
(0.022) (2.169)

Weapons offenses -0.332* -39.82*
(0.038) (4.378)

Kidnapping -0.227* -42.22*
(0.064) (6.279)

Other -0.158* -52.21 *
(0.025) (2.428)

-Log likelihood 6,771.3009

R-squared 0.4191

N 14,633 10,669

NOTE: A constant and a linear time trend are included in all specifications. Column (1)
reports coefficients transformed into changes in probability. Column (2) includes only
those observations with prison terms. The excluded crime category is homicide.

races when considering prison-term length, while a statistically
significant difference is found for the probation/prison distinc­
tion. With confidence that our data conform to the literature
when traditional techniques are used, we now begin to imple­
ment our theoretical model.

The primary empirical results for our statistical model are re­
ported in Table 4. Column (1) reports a preliminary model. Con­
trol variables in this and all other models are Hispanic, other
race or ethnicity, gender, age, and age squared (to allow the ef­
fect of age to be nonlinear), guilty plea, and a time trend. In
column (1), we estimated the coefficient on the logged midpoint
as 1.1, which means that a 10% increase in the midpoint is associ-

https://doi.org/10.2307/3185415 Published online by Cambridge University Press

https://doi.org/10.2307/3185415


754 Judging Judicial Discretion

ated with an approximately 11% increase ill sentencing outcome.
The estimated coefficient on African American is 17%, which is
substantially higher than values generally reported in the litera­
ture. The estimates on the other racial and ethnic groups con­
tinue to be poorly estimated due to small samples. The coeffi­
cients on the other variables are of the expected direction.
Together, the two age variables indicate that there is a concave
relationship between age and sentence length. That is, the posi­
tive first-order effect (age) shows that sentences increase with
age, and the negative second-order effect (age squared) shows
that those increases get smaller as age increases.

Table 4. Modeling Sentencing Outcomes: Tobits of Ln (Sentence Length)
Maryland Person Offenses

(1) (2)

African American 0.167* 0.203*
(0.037) (0.036)

Hispanic 0.013 -0.014
(0.145) (0.143)

Other race/ethnicity -0.288 -0.292
(0.224) (0.221)

Female -1.289* -1.301 *
(0.064) (0.063)

Age at offense 0.012 0.014*
(0.008) (0.008)

Age squared (*100) -0.038* -0.042*
(0.011) (0.011)

Guilty plea -0.750* -0.769*
(0.060) (0.059)

Ln (guidelines midpoint) 1.111* 1
(0.014)

Standard error 1.9165 1.9020
-Log likelihood 24,205.944 24,237.281
N 14,633 14,633

NOTE: A constant and a linear time trend are included in all specifications.

Allowing the guidelines to enter unconstrained, as in column
(1), means that we controlled for the guidelines and their imple­
mentation, rather than only the former. The second column of
Table 4 estimates equation (6) by fixing the effect of the Recom­
mended Sentence-Length variable to be proportionate. Fixing
the guidelines in this manner means that the demographic vari­
ables are only permitted to explain the variation in sentencing
outcomes that remains once the variation ill the sentencing rec­
ommendation has been removed. This model is our preferred
specification, as we argued for in section III of this article. The
effect of constraining this coefficient is a small increase on the
estimated gap between African Americans and whites, to 20%.

With this estimate, we have isolated the variation that is asso­
ciated with judges, whether at trial or by approving plea bargains.
The remaining variation should be highly case-specific, as argued
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by Griswold. Thus, as in the departure literature, it should not be
surprising (nor of concern) that explanatory power is low.
Among the variation in sentences that is the result ofjudicial dis­
cretion, a substantial part of it is correlated with race.

This estimate of racial disparity Inay be biased due to mea­
surement error if our particular choice of the midpoint does not
accurately represent the sentence length recommended by the
commission. If this is the case, the error term will capture some
of the variation in the recommended sentence. This in turn will
be positively correlated with the race variable, since African
Americans tend to have higher recommended sentences. The
net result is that measurement error in the recommended sen­
tence might lead to positive bias in the race coefficient. Although
we believe that a race effect of 20% is of reasonable magnitude
given the evidence (recall from Table 2 that African Americans
have 28% longer sentence lengths than whites when probation is
viewed as a sentence of zero years), we are concerned about the
possibility of overstating the size of the race effect.

To explore this issue, we estimated the model with several
other measures for the recommended sentence length. Replac­
ing the midpoint of the guidelines range with the minimum (in
recognition that many sentences fall in the lower end of the
range) did not change the substantive results, in either the un­
constrained or the constrained version of the model. We also
tried using two variables, rather than one, to represent the guide­
lines. Specifically, we used the lower endpoint and the range.
When we ran this model, we could not constrain the coefficients
to fix the impact of the guidelines because a proportionate con­
straint is not well defined. However, from the previous results it is
clear that the constraint on the guideline does not change the
substantive results-large disparities of similar magnitudes are es­
timated in both cases. The unconstrained version of the model
with two controls for the sentencing guidelines yielded results lit­
tle changed from those reported in column (2) of Table 4. These
results give support to our approach because, although they each
are subject to the claims of measurement error, the error, and
therefore the bias caused by that error, will be very different in
each case. The fact that the race effect did not change in any
substantive way when various measures were used suggests that
bias due to measurement error is not an important part of the
estimate. This specification check leads us to conclude that our
estimate of a 20% difference in the sentence length between Afri­
can Americans and whites as a result of judicial discretion is rea­
sonable and defensible as a first attempt at estimating our theo­
retical model.

We performed a similar set of specification checks to explore
sensitivity of the results to various methods of incorporating
mandatory maximum sentencing laws that override the guide-
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lines. In our base model, we reflected mandatory sentences in
the same manner as a guideline value. That is, if a mandatory
sentence level were lower than the upper end of the guideline
range, the maximum was used instead of the commission's rec­
ommendation. We felt this was the most reasonable approach, as
this is the way the sentencing options are presented on the scor­
ing sheets used by judges. However, to check for robustness, we
re-estimated all models, excluding those subject to mandatory
sentencing laws. The results were not affected. Finally, given that
guilty pleas are more frequent among African Americans than
among whites (in contrast to the usual findings in the literature),
we estimated our models for only pled cases. Again, the results
were unaffected.

We now turn to explaining the difference between our esti­
mate and the much smaller estimates generally found in the liter­
ature. We first consider how our results compare to the tradi­
tional approach that includes the criminal history and offense­
severity measures as controls. To do this, we disaggregate the dif­
ferences between the model in Table 3 and our preferred model
in column (2) of Table 4 by estimating the model in stages,
which we report in Table 5. The first two columns of Table 5
isolate the effect of the Tobit model. Both specifications estimate
all sentencing outcomes simultaneously, using the dependent va­
riable in logs. In the first specification, OLS is run. In the second,
the Tobit is used. Switching from the OLS to the Tobit leads to a
larger and now statistically significant estimate for racial disparity
(from 4% longer sentences for African Americans in column (1)
to 11% longer in column (2)). The substantive interpretations of
the other variables in the models are little affected by the change
in model specification. This result is consistent with the standard
econometric prediction that censoring and truncation can lead
to downward bias on coefficients of interest. More substantively,
it means that moving to the Tobit accounted for approximately
half of the 17 percentage point difference between column (2)
of Table 4 and column (1) of Table 5.

The last two columns of Table 5 illustrate the importance of
the primary innovation of this article, that of how to control for
sentencing guidelines when identifying the role of race. Column
(3) contains results from our preferred specification (column
(2) of Table 4) augmented with the linear controls for criminal
history and current offense. This exercise allows for a direct com­
parison of the various variables used to control for how the
guidelines punish the legally relevant factors. Even though the
sentencing guidelines are already controlled for through the
constrained coefficient on the guidelines midpoint, these legal­
factor scores have explanatory power. Here, both scores help to
explain the deviation in sentencing outcomes from the recom­
mended sentence. The inclusion of these factors absorbs a fair
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Table 5. Modeling Sentencing Outcomes: Additional Specifications-
Maryland Person Offenses

(1) (2) (3) (4)
OLS: Ln Tobit Ln Tobit Ln Tobit Ln
(Sentence (Sentence (Sentence (Sentence
Length) Length) Length) Length)

African American 0.036 0.112* 0.141 * 0.141*
(0.024) (0.035) (0.037) (0.037)

Hispanic 0.116 0.233 0.173 0.175
(0.092) (0.135) (0.145) (0.144)

Other race/ethnicity -0.117 -0.233 -0.194 -0.174
(0.137) (0.207) (0.223) (0.222)

Female -0.549* -0.923* -1.127* -1.121*
(0.040) (0.061) (0.064) (0.064)

Age at offense 0.002 -0.003 -0.015 -0.017
(0.005) (0.008) (0.008) (0.008)

Age squared (*100) -0.012 -0.014 -0.002 -0.001
(0.007) (0.011) (0.012) (0.012)

Guilty plea -0.517* -0.637* -0.697* -0.693*
(0.040) (0.056) (0.060) (0.059)

History score 0.319* 0.419* 0.147* 0.085*
(0.005) (0.008) (0.008) (0.016)

Offense score 0.312* 0.390* 0.052* 0.024*
(0.005) (0.007) (0.007) (0.009)

Offense score * 0.014*

History score (0.003)

Crime categories (7) Yes Yes No No

Ln (guidelines midpoint) 1 1

-Log likelihood 23,602.967 24,049.079 24,039.436

R-squared 0.4691

Standard error 1.8497 1.9053 1.8993
N 14,633 14,633 14,633 14,633

NOTES: A constant and a linear time trend are included in all specifications.
Crime categories, controlled for using a set of indicator variables, are homicide, sexual

assault, assault, robbery, weapons offenses, kidnapping, and other.

amount of variation from the African American variable, reflect­
ing the multicollinearity apparent in the descriptive statistics. M­
rican Americans tend to have higher history and severity scores.
But column (3) says that judges tend to give people with higher
scores, who tend to be African American, longer sentences than
those recommended by the guidelines. Moreover, there still ap­
pears to be a substantial direct difference in sentencing out­
comes across whites and African Americans, on the order of
14% .19 This result implies that the "legal factor" scores in the

19 The 3 percentage point difference between column (3) and column (2) can be
attributed to the lack of crime type in our preferred specifications. Variation due to crime
type was specified by the Maryland Sentencing Commission in two ways: drawing the
broad distinction drawn among person offenses, drug offenses, and property offenses
when they created the three separate grids, and building crime type in to the offense
seriousness dimension through the crime-severity measure. Use of offense type (on top of
the guidelines recommendation) by the judges in their decisions represents the explicit
exercise of their discretion outside of the guidelines and is therefore open for scrutiny by
the researcher under two conditions: (a) that this variation represents the difference be-
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model captured roughly 6 percentage points of the race effect,
telling us that judges use legal factors above and beyond the
guidelines. In the traditional approach this variation would have
been ascribed to the guidelines themselves.

The final column of Table 5 presents an attempt to start
modeling judicial discretion more formally. The model adds one
more variable to those included in the previous column: an inter­
action between the two linear measures of legal factors in order
to capture more of the non-linearity in the sentencing grid. Re­
call that the sentencing grid itself is not linear. In our preferred
model, equation (6), the non-linearity of the grid is accounted
for by the explicit inclusion of the recommended sentence
length. Yet, when we begin to study the impact of legal factors
above and beyond the impact of the guidelines, we again need to
address the issue of non-linearity, since we are now attempting to
observe how the judges use legal factors over and above how the
guidelines applied them. A simple way to reflect this nonlinear
use of legal factors is with the interaction term, which allows the
effect of the criminal history score to depend on the value of the
offense severity score (and vice versa). The positive coefficient on
this term indicates that sentences are particularly likely to deviate
positively from the guidelines when both the criminal history and
current offense scores are high. This effect occurs over and
above the non-linearity in the guidelines themselves.

These final two columns indicate that a substantial part of the
difference between our results and those ill the literature is due
to the way legal factors have been controlled. More precisely,
when legal factors are included as controls for the guidelines
with no restriction on their coefficients, as in the traditional ap­
proach, the estimated coefficients will reflect not only what the
guidelines told the judge to do based on the legal factors but also
the response of the judge to those legal factors. This approach
fails to provide us with a way to distinguish between the actions of
the other actors in the criminal justice system and judicial behav­
ior. Moreover, given the strong correlation between legal factors
and race, failure to differentiate between the guidelines and le­
gal factors means that there is no way to determine if any of the
common variation between race and legal factors might in fact
be questionable. Column (4) of Table 5 provides at least the
starting point for an exploration into the potentially problematic
use of legal factors above and beyond what is mandated by law. In
future research, we recommend entering legal factors in even
less restrictive ways to more fully understand the behavior of the
judges.

tween what the law said to do and what the judge did and (b) that this variation is corre­
lated with race.
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In much of this section, we have focused on explaining how
our specification differs from the traditional focus on warranted
versus unwarranted disparity. But as noted in the introduction,
Engen and Gainey (2000a) and Ulmer (2000) have utilized ap­
proaches similar to ours. (Recall that Griswold [1987] did not
have race in his model.) One finding common across all three
studies is that the unconstrained inclusion of the presumptive
sentence gains a coefficient greater than one, meaning that those
with longer prescribed sentences are punished relatively more
harshly. This suggests to us that if our modeling approach con­
straining the coefficient on the presumptive sentence to be one
were taken in these other jurisdictions, they too would find more
racial disparity after constraining the coefficient on the presump­
tive sentence, although this increase would likely be small, as it
was in our model.?" It should be kept in mind, however, that
there are several additional differences in specification in this ar­
ticle, most notably logging the dependent variable and the use of
the Tobit. (The Tobit both substitutes for the use of a selection
correction to deal with probation sentences and corrects for cen­
soring for life sentences.)

Although we do not have space here to provide a detailed
comparison of the alternative specifications, we believe that the
differences among this set of results are partially explained by
differences in the guideline structures in the three jurisdictions
(Washington, Pennsylvania, and Maryland). Washington has
guidelines mandated by the legislature, with very narrow ranges;
Pennsylvania is a legislatively mandated guideline state with for­
mal mitigating factors but with voluntary compliance; and Mary­
land is a judicially approved guideline state with wide ranges, lim­
ited structure, and voluntary compliance. A priori, we expect to
find more judicial discretion as we move from Washington to
Maryland, and this should drive the findings of the competing
models.

For example, in the Washington data, Engen and Gainey
found that the inclusion of presumptive sentence leads to in­
creased explanatory power. We, like Ulmer, find that inclusion of
the presumptive sentence leads to lower explanatory power than
the use of the criminal history and current offense scores. While,
unlike Ulmer, we are unconcerned about the reduction in model
fit, this result does suggest in part that judicial discretion repre­
sents a smaller amount of the overall variation in the sentence
outcomes in Washington than in the other two states. This is the
same interpretation suggested by Ulmer in comparing Penn­
sylvania to Washington. Moreover, in the traditional specification

20 The fact that the unconstrained coefficient is only slightly above 1 implies that if
judges are using legal factors above and beyond the guideline recommendations they are
doing so in a nonlinear, non-continuous way, perhaps focusing on certain types of histo­
ries and crime types.
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the legal factor scores capture both the recommendation of the
guidelines and judicial discretion. Therefore, a drop in the fit
after a respecification that captures only the recommendation of
the guidelines suggests that the judges in the states with the less­
strict guidelines are using the legal factors in a manner not ap­
proved by the guidelines commission. Both our analysis and
Ulmer's (2000) demonstrate this to be true by showing that legal
factors remain significant after the presumptive sentence is in­
cluded in the model.

To a limited extent, we can also compare our findings to
those in Albonetti (1998). She analyzed federal white-collar of­
fenders, a far different population than those in any of the stud­
ies previously mentioned. Because she does not report specifica­
tions with only the guidelines included, it is hard to make the
same direct comparisons made earlier. Her primary specification
included the guidelines recommendation (as the maximum of
the range), the criminal history score, the offense seriousness
score, and the offense category. In this model, the offense type
and legal factor score variables had explanatory power over and
above the guidelines, echoing the result we found in Table 5.
However, the guideline maximum has a coefficient of only -0.04.
If this coefficient were constrained to equal one, as in our model,
the coefficients on the legal factor scores would surely fall (given
that they are highly positively correlated with the recommended
sentence). In her model, Albonetti found statistically significantly
longer sentences for African Americans. However, it is hard to
predict how changing the specification to isolate judicial devia­
tions from the guidelines would affect the estimate of racial dis­
parity because, unlike in our data set, race has a complex set of
interactions with the legal factor variables: Being African Ameri­
can is negatively correlated with offense seriousness and posi­
tively correlated with criminal history.

VI. Discussion

The interpretation of quantitative estimates of race coeffi­
cients depends heavily on the theoretical model of decisionmak­
ing by the actors in the criminal justice system. Our approach
explicitly considers the role of the sentencing commission in set­
ting the backdrop for a judge's (or plea bargainer's) final deci­
sion as to the sentencing outcome. Given our view that the rec­
ommended sentence in the guidelines represents the actions of
all of the previous actors in the system, any difference between
this recommendation and the sentence outcome reflects judicial
discretion.

This starting point leads to several implications for empirical
estimation of possible racial disparity in sentencing. First, careful
modeling of the sentencing guidelines allows the researcher to
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identify the part of the variation in sentencing outcomes that is
due to the discretion of the judge (or other sentencing agent).
Second, such a model provides no reason for arbitrarily separat­
ing the sentencing decision into multiple stages, a position also
suggested by other researchers (e.g., Albonetti 1998). Third,
modeling the guidelines means that any non-linearity in the sen­
tencing grid, a problem identified by Mustard (2001) and Engen
and Gainey (2000a) can be easily captured. Finally, in practice,
modeling the guidelines rather than legal factor scores means
that more of the variation that race and legal factors share in
common will be attributed to the racial status of the offender.

In fact, using data from Maryland, we find that African Amer­
icans have 20% longer sentences than whites, on average, hold­
ing age, gender, and recommended sentence length from the
guidelines constant. This result is 17 percentage points larger
than what we found when we allowed legal factors to control for
the guidelines and judicial discretion simultaneously. Using the
logged guideline midpoint to isolate the recommendation of the
guidelines reveals that considerable racial disparity can be attrib­
uted to judicial discretion. Moreover, when we begin to try to
explain this discretion, we find that some of the racial disparity
can be accounted for with the use of legal factors over and above
the recommendations of the guidelines. In a result that finds
support in the literature on guideline departures, we found that
judges in Maryland tended to sentence people in the part of the
guidelines grid with longer recommended sentences, who tend
to be African American, to longer sentences relative to the guide­
lines recommendations (relative to offenders situated in other
parts of the grid). While this exercise ofjudicial discretion is not
necessarily discrimination, we believe such a result warrants more
exploration. This exploration would not have been possible if we
had not first drawn a clear distinction between what the guide­
lines tell the judge to do and what the judge actually does. In
effect, this distinction can replace the distinction between war­
ranted and unwarranted disparity that is prominent in the ex­
isting literature.

As noted previously, the fact that legal factors such as crimi­
nal history are correlated with extra-legal factors such as race
provides challenges for empirically estimating racial disparity.
Researchers have been forced to identify disparity as only that
part of the variation in sentencing outcomes that is correlated
with race and not correlated with legal factors. Yet, this is a con­
servative standard forced on us by the limits of statistical power
rather than by theory. There is no reason to assume that varia­
tion in the sentence outcomes that is correlated with both race
and legal factors is not discrimination.

With the exception of work on guideline departures, re­
searchers have not been able to identify any useful structure to
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separate what may be legitimate and what may be illegitimate, so
standard practice errs on the side of caution and concludes that
the disputed disparity is legitimate. Focusing specifically on judi­
cial discretion provides an alternative approach that we hope will
create a new discussion about the ways in which racial disparity
might occur in the sentencing process. In this article, our main
effort has been directed at clarifying what we see are some impor­
tant conceptual problems in the debate concerning how best to
model racial disparity in sentencing. As such, we make no claim
to having fully explained racial discrimination in the criminal jus­
tice system in Maryland. Nevertheless, we hope that others might
develop other models that foster a richer understanding of how
judges react to various legal imperatives and structures. Research
on this question might use judge interviews, ethnographic obser­
vation, or experimental methods. Whatever the method, how­
ever, we believe that a renewed focus on the actions of individual
actors will provide a useful new focus on research into racial dis­
parity.
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Appendix: Explanation of Maryland Guideline Scoring

Criminal history scores range from zero to nine. One point each is
given for minor juvenile history (fewer than two commitments to juve­
nile facilities), minor adult history, being under criminal justice supervi­
sion at the time of the offense, and having prior probation violations.
One additional point is given for having a more-serious juvenile history
(a point in addition to the "minor" one) or a longer adult history (two
more points for a moderate adult history, and another two more for the
most serious). Juvenile history is expunged at age 26.

The offense score ranges from one to 15. Offenses are grouped
into five "seriousness categories," which receive one, three, five, eight,
or ten points. Then elements of the crime may add to this score. One
point is added for injury to a victim, another point if the victim is per­
manently injured or killed, one point for use of a weapon, an additional
point if that weapon is a firearm, and finally, a point if the victim is
classified as "vulnerable." That is, one would receive an offense score of
15 if one committed the most serious of crimes in which a vulnerable
victim was killed with a firearm.

A separate guideline sets the minimum sentence for anyone con­
victed of first-degree murder at life imprisonment, regardless of any
other current offense or criminal history attributes. In order to avoid
complications due to this supplementary law, we have excluded those
convicted of first-degree murder from our sample.
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